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 Purpose of the study: To examine whether age, sex, and grade level are 

associated with Philippine Informal Reading Inventory (Phil-IRI) performance in 

junior high school. 

Methodology: Cross-sectional, ex post facto analysis of n = 200 Grade 7–10 

students (SY 2024–2025). Phil-IRI (Filipino) post-test scores were compared 
using Mann–Whitney U (sex) and Kruskal–Wallis H (age bands; grade levels), α 

= .05. 

Main Findings: Sex was associated with Phil-IRI scores: females outperformed 

males (Mdn = 26 vs 19; p < .001). No differences were found by age (p = .087) 
or grade (p = .513). Descriptives showed a small, lower-performing oldest age 

band and non-monotonic medians across grades, indicating variation occurs 

mainly within rather than between grades. 

Novelty/Originality of this study: Phil-IRI outcomes in this cohort relate to sex, 
not to age or grade. Schools should prioritize within-grade, profile-based 

supports using Phil-IRI decision levels and implement boy-responsive 

engagement, while monitoring older learners who remain below independence. 
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1. INTRODUCTION 

Reading comprehension underpins content learning, vocabulary growth, and higher-order thinking from 

primary through secondary grades; recent syntheses link purposeful reading activities and sustained motivation 

with measurable gains in comprehension [1], [2]. Yet system indicators remain stark. In PISA 2018, the 

Philippines’ mean reading score was 340, far below the OECD average of 487, and most Filipino 15-year-olds 

fell below the minimum proficiency benchmark; only 19% reached at least Level 2 [3]. In PISA 2022, girls 

outperformed boys in reading by 35 points in the Philippines, mirroring global patterns and signaling subgroup 

disparities that local diagnostics may capture [4]. Globally, about four in ten students still do not achieve 

minimum proficiency in reading by the end of primary, underscoring the urgency of targeted, evidence-based 

supports [5]. 

Within this context, the Philippine Informal Reading Inventory (Phil-IRI) operates as a classroom-based 

diagnostic across three modalities oral reading (word recognition/fluency), silent reading (independent 

comprehension), and listening comprehension classifying students at independent, instructional, or frustration 

levels to guide remediation and progress monitoring [6]. In practice, schools follow a four-stage cycle: (1) group 

screening to flag learners at risk; (2) individualized graded-passage pretests to pinpoint profiles; (3) targeted 

intervention (small-group or individualized); and (4) post-tests to verify movement across levels. Results are 
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reported at learner, class, and school levels and feed into Every Child A Reader Program (ECARP) planning and 

School Improvement Plans (SIPs), so Phil-IRI data trigger tiered supports rather than static labels [7], [8]. 

Although designed for elementary grades, recent division and regional directives have extended Phil-IRI to 

junior high (Key Stage 3): for SY 2024–2025, divisions instructed schools to administer Phil-IRI (English and 

Filipino) in Grades 7–10 using the 2018 manual and newly developed junior-high materials, enabling consistent 

benchmarking from upper primary into lower secondary [9]-[11]. This architecture provides a practical lens to 

distinguish who benefits from universal whole-class routines versus who requires targeted or intensive 

intervention and to verify movement from frustration to instructional or independent levels over the school year. 

Despite Phil-IRI’s widespread use, evidence on junior-high cohorts remains limited, especially on 

whether age, sex, and grade are associated with post-test outcomes once Phil-IRI was extended to Grades 7–10. 

This study contributes school-level, decision-oriented evidence by analyzing an entire junior-high cohort in a 

large Philippine public school and interpreting subgroup patterns through established reading frameworks. The 

goal is to move beyond descriptive compliance reporting toward signals that can inform remediation, 

monitoring, and School Improvement Plans. 

We anchor interpretation in the Simple View of Reading (SVR), which models comprehension as the 

joint product of word recognition and language comprehension; subgroup differences often reflect imbalances in 

these components [12], [13]. This mapping aligns with Phil-IRI modalities: oral reading indexes word 

recognition/fluency, listening comprehension approximates language comprehension, and silent reading 

integrates both. Accordingly, profiles such as “poor decoder” (weak oral reading with relatively stronger 

listening) and “poor comprehender” (adequate oral reading with weak listening) are theoretically expected, and 

demographic contrasts can be interpreted through this lens. Complementing SVR, Scarborough’s Reading Rope 

highlights the intertwining of lower-level (phonology, decoding, fluency) and higher-level strands (vocabulary, 

background knowledge, verbal reasoning), predicting specific Phil-IRI weaknesses rather than uniform deficits 

when strands develop unevenly [14]. The Lexical Quality Hypothesis likewise holds that precise, well-integrated 

word representations facilitate comprehension, implying that exposure and instruction—which can differ by age, 

grade, and sex—will affect Phil-IRI levels [15]. 

Despite extensive international work on reading motivation and component skills, Philippine Phil-IRI 

studies have largely focused on elementary cohorts or single-grade snapshots, with limited analysis of how age, 

sex, and grade jointly relate to junior high outcomes [12]–[18]. As schools extend Phil-IRI use into Key Stage 3, 

evidence on these demographic associations is needed to inform screening and supports. Because effort and 

persistence mediate skill growth, we also adopt an expectancy–value perspective: learners engage more when 

they believe they can succeed (expectancy), value the task (intrinsic and utility value), and perceive manageable 

costs [16]. International syntheses show that girls report higher reading enjoyment and time on task, which partly 

explains observed achievement gaps; local assessments likewise document a female advantage [16], [17]. Under 

this account, sex differences in Phil-IRI may reflect both component-skill differences (decoding, language) and 

motivation-linked engagement and practice. Age and grade effects are expected to be nonlinear: as curricular 

demands rise, students with weaker decoding or language foundations may experience higher perceived cost and 

reduced expectancy, dampening gains despite additional years of schooling. These frameworks therefore yield 

testable expectations for Phil-IRI distributions (e.g., higher independent-level proportions among girls; non-

monotonic changes across grades when cohorts include repeaters with persistent weaknesses) and justify 

empirical tests of demographic–outcome links rather than uniform assumptions [12]-[18]. 

To address this gap, we conduct a school-based cross-sectional analysis that simultaneously examines 

age, sex, and grade as correlates of Phil-IRI performance among Philippine JHS students. The study’s novelty 

lies in linking a national screening tool to adolescent literacy profiling at scale, and its urgency follows from 

persistent proficiency shortfalls that demand targeted, data-informed supports [5]. We build on evidence that sex 

differences in reading often favor girls and that local Phil-IRI snapshots reveal uneven outcomes requiring 

targeted support [18], while recognizing persistent global proficiency shortfalls that heighten the urgency of 

data-informed interventions [5]. Accordingly, our objectives are to (a) describe the demographic profile of 

respondents; (b) compare Phil-IRI distributions across their demographic profile; and (c) determine significant 

difference between their demographic profile and their Phil-IRI scores.. 

 

 

2. RESEARCH METHOD 

This study employed a cross-sectional, analytic, ex post facto design using routine school-based 

assessment data to test whether age, sex, and grade level are associated with reading performance as classified by 

the Phil-IRI. Cross-sectional analytic designs estimate associations among variables measured at a single time 

point without researcher manipulation—appropriate for administrative datasets and for questions about subgroup 

differences [19]-[21]. The design is ex post facto because the putative “exposures” (demographics) are naturally 

occurring and cannot be assigned; analysis therefore focuses on observed group differences rather than causal 

effects [22], [23]. Analyses used de-identified administrative records from one large public junior high school 



J. Bs. Edu. R ISSN: 2716-1560  

Reading Literacy Assessment in Philippine Basic Education: A Cross … (Julie Ann V. Balisoro) 

463 

during the target school year; procedures and reporting followed good-practice guidance for observational cross-

sectional studies [24].  

We analyzed records from 200 Grade 7–10 students enrolled in a large Philippine public junior high 

school during SY 2024–2025 who completed the regular Phil-IRI administration. The cohort was gender-

balanced (female = 101, 50.5%; male = 99, 49.5%), supporting unbiased subgroup comparisons. Grade-level 

representation was uniform (50 students per grade for Grades 7–10, each 25.0%), enabling like-for-like 

comparisons across junior high. Age was distributed as follows: 11–12 years (n = 37, 18.5%), 13–14 (n = 101, 

50.5%), 15–16 (n = 58, 29.0%), and 17–18 (n = 4, 2.0%). Eligibility required enrollment in Grades 7–10 during 

the testing window and availability of official Phil-IRI (Filipino) results from school records; demographic data 

(age, sex, grade) were taken from the same records. The sample is near 1:1 sex ratio and equal grade strata 

provide balanced power for planned non-parametric comparisons by sex and grade, while the age-band 

distribution allows sensitivity checks for potential age–grade mismatch effects. 

We used the Phil-IRI as the primary instrument. The Phil-IRI is a nationally mandated classroom 

assessment that profiles students’ reading performance in English and Filipino [6]. For each modality, learners 

are classified at one of three decision levels independent, instructional, or frustration which are intended to guide 

instructional planning and remediation [6]. Functionally, Phil-IRI serves a role similar to informal reading 

inventory protocols used internationally, but with standardized procedures and reporting embedded in the 

Philippine public school system. Results are aggregated for learners, classes, and schools and feed into the 

ECARP and school improvement planning, ensuring that data inform tiered supports rather than remain 

descriptive labels [8], [9]. In this study, we analyze the official Phil-IRI decision levels as ordinal outcomes to 

compare distributions by age, sex, and grade. 

We secured approvals from the school head and division office, complied with institutional ethics 

requirements. We did not introduce any instructional treatment. All data came from the school’s routine 

administration of the Phil-IRI during the division’s scheduled window for the target school year. We ensured that 

Phil-IRI was administered by trained teachers in accordance with the 2018 Phil-IRI manual: (a) group screening 

to identify learners at risk; (b) individualized graded-passage assessment to establish baseline level and profile in 

each modality (oral, silent, listening); (c) targeted remediation delivered by the school; and (d) post-testing to 

verify movement across decision levels independent, instructional, frustration [6]. Results were compiled using 

standard division templates and reported at learner, class, and school levels to inform ECARP-related planning 

[9]. 

After the school’s internal consolidation, we obtained a de-identified dataset for analysis. Extracted 

fields included grade level (7–10), sex, age (years), assessment language (English/Filipino), modality (oral, 

silent, listening), and the official Phil-IRI decision level per modality. We conducted routine data checks—

removing duplicate IDs, verifying age ranges, checking grade–age consistency, and scanning cross-tabulations 

for impossible combinations—and resolved any discrepancies with the reading coordinator before locking the 

analysis file. 

We analyzed the Phil-IRI (Filipino) post-test scores recorded by the school and summarized them by 

subgroup using counts/percentages, medians (Mdn), and mean ranks (MR) for each demographic category—age 

bands (11–12, 13–14, 15–16, 17–18), sex (male/female), and grade level (Grades 7–10). Descriptive tables 

report the number of respondents per group alongside Mdn and their corresponding rank distributions. Given the 

ordinal nature of the outcome, we used non-parametric tests: Mann–Whitney (Wilcoxon rank-sum) for the two-

group sex comparison and Kruskal–Wallis H tests for the multi-group age and grade comparisons. We set α = 

.05 (two-tailed). For each test, we report the appropriate statistic (U, or W as returned by software, and H with 

df), exact p-values, and the supporting Mdn/MR to aid interpretation. Post-hoc pairwise procedures (e.g., Dunn 

with Holm adjustment) were planned only if an omnibus Kruskal–Wallis test reached significance.  

 

 

3. RESULTS AND DISCUSSION 

 

3.1.  Demographic profile of respondents  

Table 1 profiles 200 JHS students across four age bands, two sex groups, and four grade levels. Ages 

cluster in early to mid-adolescence, with 13–14 years comprising half of the cohort (n = 101, 50.5%), followed 

by 15–16 (n = 58, 29.0%) and 11–12 (n = 37, 18.5%). A small older tail at 17–18 is present (n = 4, 2.0%). Sex is 

essentially balanced (female = 101, 50.5%; male = 99, 49.5%). Grade levels are evenly represented with 50 

learners each in Grades 7–10. This distribution is typical of a large Philippine public junior-high population, and 

it provides well-balanced strata for the planned rank-based comparisons by sex and grade. The small 17–18 

subgroup signals potential over-age status, which warrants cautious interpretation in age-based contrasts and 

motivates sensitivity checks. 
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Table 1. Demographic profile of the Students (n = 200). 

Demographic Profile n % 

Age (years) 11-12 37 18.5 

13-14 101 50.5 

15-16 58 29.0 

17-18 4 2.0 

Subtotal 200 100.0 

Sex Male  99 49.5 

Female 101 50.5 

Subtotal 200 100.0 

Grade level Grade 7 50 25.0 

Grade 8 50 25.0 

Grade 9 50 25.0 

Grade 10 50 25.0 

Subtotal  200 100.0 

 

Analytically, the near 1:1 sex ratio reduces the risk of unequal-group confounding and improves the 

precision of Mann–Whitney comparisons that follow. The equal allocation by grade supports like-for-like 

contrasts across curricular exposure while keeping statistical power symmetric across groups. By contrast, the 

sparse older band (17–18) can inflate sampling error and widen uncertainty around age effects. To manage this, 

we pre-specify two safeguards: reporting exact p values for small-sample contrasts and conducting a sensitivity 

analysis that either (a) collapses 17–18 into the adjacent 15–16 band or (b) repeats the test excluding 17–18 to 

verify that any observed pattern is not driven by four cases [25]. These choices are consistent with good practice 

for nonparametric tests on skewed or sparse strata. 

Substantively, the presence of older students in a junior-high cohort may reflect late school entry, 

repetition, or interrupted schooling. International monitoring consistently links over-age status to weaker reading 

performance and engagement, partly through cumulative disadvantage and curriculum misalignment [3]. If that 

pattern holds locally, one would expect the 17–18 subgroup to include a higher share of learners below 

proficiency in Filipino reading comprehension. The current study tests that expectation using rank-based 

methods and reports distributional summaries to show whether any apparent gap is systematic or driven by a few 

extreme values. Regardless of statistical significance, identifying older students who remain below proficiency is 

programmatically important because remedial needs often differ from those of on-age peers. 

The grade-level balance is also informative for interpretation. Equal cell sizes enable clearer 

comparisons of within-grade variability rather than assuming uniform progress by year level. In reading 

development, plateaus or non-linear gains across Grades 7–10 are plausible because language and text 

complexity rise while instructional time and prior skill growth vary [26]. The subsequent Results therefore report 

Mdn and interquartile ranges by grade, followed by Kruskal–Wallis tests with effect sizes, to distinguish trivial 

from practically meaningful differences. 

These demographics have immediate implications for school-level decision-making. Balanced sex and 

grade strata allow the school to locate where support is most needed without confounding from uneven 

enrollment. The small but visible older subgroup argues for routine monitoring systems that flag over-age 

learners who remain below proficiency, coupled with catch-up supports that are sensitive to both skill level and 

curriculum demands [6]. In short, the cohort structure is adequate for robust nonparametric subgroup tests, and it 

already points to actionable priorities that the remainder of the paper elaborates with outcome data. 

 

3.2.  Phil-IRI results across demographic groups 

 Table 2 presents the Phil-IRI post-test scores by demographic group. In this cohort (n = 200), Phil-IRI 

Filipino post-test scores vary descriptively by age and sex and only modestly by grade. Younger students tend to 

post higher outcomes: the 11–12 group shows the highest central tendency (Mdn = 26.0, MR = 114.7, n = 37), 

followed by 13–14 (Mdn = 24.0, MR = 102.3, n = 101) and 15–16 (Mdn = 20.0, MR = 91.6, n = 58), while the 

small 17–18 subgroup is lowest (Mdn = 15.5, MR = 51.6, n = 4). By sex, females outperform males on both 

location and ordering (female: Mdn = 26.0, MR = 110.4, n = 101; male: Mdn = 19.0, MR = 90.4, n = 99), 

indicating that girls are not only more likely to reach higher scores but are also more densely represented near 

the top of the pooled rank distribution. Grade Mdn are close and non-monotonic (G7: Mdn = 22.5, MR = 96.2, n 

= 50; G8: Mdn = 24.5, MR = 111.1, n = 50; G9: Mdn = 23.5, MR = 96.2, n = 50; G10: Mdn = 21.5, MR = 98.5, 

n = 50). Read together, these descriptive signals suggest that time-in-grade alone does not guarantee gains on 

this screening assessment; rather, cohort composition (e.g., over-age learners) and instruction within grades 

likely shape outcomes more than the nominal year level [4], [6]. 
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Table 2. Phil-IRI post-test scores by demographic group (n = 200) 

Demographic group n Median (Mdn) Mean rank (MR) 

Age (years) 11-12 37 26.0 114.7 

13-14 101 24.0 102.3 

15-16 58 20.0 91.6 

17-18 4 15.5 51.6 

Male  101 26.0 110.4 

Female 99 19.0 90.4 

Grade 7 50 22.5 96.2 

Grade 8 50 24.5 111.1 

Grade 9 50 23.5 96.2 

Grade 10 50 21.5 98.5 

 

The female advantage is sizable in both Mdn difference (26.0 vs. 19.0) and rank ordering (MR = 110.4 

vs. 90.4). Two complementary explanations from the theory introduced earlier help interpret this pattern. First, 

under the Simple View of Reading, comprehension depends on the joint strength of word recognition and 

linguistic comprehension; subgroup gaps emerge when one component lags even as students advance in grade 

[12], [13]. The distributional tilt toward higher ranks among girls is consistent with stronger average component 

skills (e.g., more efficient decoding or broader oral/academic language) accumulating into better comprehension. 

Second, expectancy–value accounts describe a motivational pathway: if one subgroup assigns higher value to 

reading and expects success, increased persistence and practice follow, which typically widens observed 

differences on comprehension measures; the alignment of both Mdn and MR in favor of females fits that 

mechanism [16]. An alternative but compatible reading is ecological: task design, text selection, and discourse 

norms can differentially elicit engagement. This is where classroom interventions matter. Philippine classroom 

experiences with structured, gamified literacy tasks and problem-based projects strands reflected in Funa and 

colleagues’ work on engagement-oriented designs offer a practical route to raise perceived value and sustained 

practice among boys without diluting what already benefits girls. In other words, the gap is not treated as fixed; 

it is a target for design [27]-[31].  

The age gradient (11–12 highest; 17–18 lowest) invites careful interpretation. On one hand, it may 

capture real skill differences: older students in junior high often include repeaters or those with interrupted 

schooling whose foundational decoding or language-comprehension weaknesses persist in the absence of 

targeted intervention [4]. On the other hand, measurement and composition issues may contribute. First, Phil-IRI 

is a placement and progress-monitoring tool; when cohorts contain many students clustered in the instructional 

band, Mdn can be “sticky,” and small older subgroups (n = 4 for 17–18) inflate sampling error. Second, text 

familiarity and the language of assessment (Filipino) may differentially advantage students whose recent reading 

exposure has been dominantly in that language; older learners who shifted reading time to subject-specific 

English texts may not translate that exposure into gains on a Filipino comprehension screen. These alternatives 

do not undermine the signal; they refine it. The programmatic upshot is the same: older learners remaining in 

junior high are a priority group for diagnostics and short, frequent, profile-matched supports (e.g., decoding 

fluency sprints versus oral language scaffolds), with documented movement across Phil-IRI decision levels. 

Where schools layer digital practice (e.g., guided reading or vocabulary rehearsal), the line from Funa’s work on 

responsible, teacher-directed technology use is relevant: transparency, human oversight, and equity safeguards 

ensure that technology augments, rather than replaces, explicit instruction [6], [29]-[31].  

The near-flat, non-monotonic grade pattern (G8 slightly higher; G7 ≈ G9; G10 modestly lower) argues 

against planning from grade averages. Three non-exclusive mechanisms are plausible and consistent with the 

frameworks used in the Introduction. First, cohort-mix: within-grade variability can be large (SVR predicts 

mixed profiles—“poor decoders,” “poor comprehenders,” and “generally weak readers”—coexisting in a single 

section); grade Mdn obscure these subtypes [12], [13]. Second, instructional alignment: when the linguistic 

demands of texts rise faster than students’ component skills, comprehension stalls; Mdn remain flat even if word 

recognition improves because linguistic comprehension becomes the bottleneck [13]. Third, engagement 

dynamics: expectancy–value predicts that perceived cost and low value can offset gains in skill; students may 

read “just enough” to get by unless tasks make value visible (relevance) and success probable (scaffolded 

challenge) [16]. These mechanisms are not speculative add-ons; they are testable drivers that inform how Phil-

IRI data should be used in the school improvement cycle.  

Two counter-arguments deserve attention. One might argue that the female–male difference could 

simply reflect test-format familiarity (e.g., girls reading more outside school) rather than true skill differences. 

Yet the observed pattern involves both central tendency (Mdn) and ordering (MR) across the full distribution, 

which is exactly what one would expect from accumulated, domain-general reading experiences that strengthen 

component skills and build strategic knowledge [4]. Another counter-argument is that the age gradient is an 

artifact of tiny n in the 17–18 band. We agree that uncertainty is high for that cell; accordingly, the inferential 
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section pre-specifies sensitivity checks that pool 17–18 with 15–16 or temporarily exclude 17–18 to verify that 

any “older-learner lag” is not driven by four cases. The point is not to over-read a small cell; it is to set rules that 

protect conclusions while still responding to a recognizable, programmatically important subgroup [4].  

These interpretations lead directly to action. To ground these actions in evidence, engagement systems 

such as digital badges can increase persistence and make progress visible in secondary classrooms, which aligns 

with Phil-IRI’s diagnose–match–monitor cycle and may help sustain daily reading practice [32]. Structured 

practice models from clinical education similarly emphasize feedback loops, supervised rotations, and authentic 

tasks; in literacy terms, this translates into short, frequent, level-appropriate reading with immediate feedback 

and scheduled reviews using Phil-IRI decision levels [33]. Finally, culturally adapted measurement work 

underscores the value of interpreting learner signals with context-sensitive tools; applying this lens to Phil-IRI 

helps teams distinguish decoding versus language-comprehension constraints and respond proportionately within 

grades [34]. These principles are consistent with international and local evidence on motivation, progress 

monitoring, and responsive tiered supports in secondary literacy [35]–[38]. 

For sex differences, the goal is boy-responsive engagement that preserves what already works for girls: 

rotate interest-driven texts (sports, STEM curiosities, adventure); embed structured practice with immediate 

feedback; and make progress visible (reading logs, brief retells, and teacher conferences). For age, build a 

diagnose–match–monitor loop: (a) use Phil-IRI procedures to classify likely profiles (decoding vs. language-

comprehension constraints), (b) assign short, frequent interventions (10–15 minutes/day) aligned to that profile, 

and (c) track transition probabilities between Phil-IRI decision levels each quarter. For grade, shift from year-

level averages to within-grade tiering: use class distributions to assign small-group instruction, integrate listening 

comprehension for classes trending “poor comprehender,” and schedule fluency sprints where “poor decoder” 

signs dominate. Where schools pilot AI-supported practice (e.g., adaptive vocabulary review or fluency reading 

with speech feedback), apply responsible-use guardrails emphasized in Philippine policy scholarship to ensure 

alignment with DepEd guidance and to avoid widening gaps a theme underscored in Funa’s work on integrating 

technology prudently into instruction [6], [29]-[31]. 

 

3.3 Group differences in Phil-IRI scores by age, sex, and grade 

Below we discuss each demographic variable in turn. For each, we restate the pattern in the data, interpret 

what it implies about students’ reading performance, situate the finding within the study’s theoretical frame 

(Simple View of Reading and expectancy–value), and draw concrete implications for school practice. 

Table 3 presents the difference between the respondents’ demographic profile and their Phil-IRI scores. 

The rank-based comparison across the four age bands did not reach statistical significance (Kruskal–Wallis: H = 

6.58, df = 3, p = .087). Descriptively, however, scores trended downward with age: 11–12 years had the highest 

Mdn (26.0; MR = 114.7), followed by 13–14 (24.0; 102.3) and 15–16 (20.0; 91.6), while the small 17–18 group 

(n = 4) showed the lowest center (15.5; 51.6). This suggests that the oldest students—likely including late 

entrants or repeaters—cluster toward the lower end of the distribution, but the combination of overlapping Mdn 

and a very small n in the oldest band limits statistical power to detect a reliable omnibus difference [4]. 

 

Table 3. Difference between the respondents’ demographic profile and their Phil-IRI scores 

Contrast Test Statistic (df) p-

value 
α Decision Interpretation 

Age (11–12, 13–14, 

15–16, 17–18) 

Kruskal–

Wallis 

H = 6.58 (df 

= 3) 
.087 .05 

Fail to reject 

H₀ 

No significant 

difference by age 

Sex (female vs male) Mann–

Whitney U 

U = 5,999.4 
< .001 .05 Reject H₀ 

Females score higher 

than males 

Grade level (G7, G8, 

G9, G10) 

Kruskal–

Wallis 

H = 2.30 (df 

= 3) 
.513 .05 

Fail to reject 

H₀ 

No significant 

difference by grade 

 

Interpreted through the SVR, the pattern is consistent with heterogeneous profiles in word recognition 

and language comprehension within each age band: some learners accrue years of schooling without sufficient 

gains in one or both components, so within-age variance outweighs between-age differences [12], [13]. From an 

expectancy–value lens, over-age students who have struggled in prior years may show lower expectancy (“Can I 

do this?”) and higher perceived costs, dampening engagement and slowing progress even as chronological age 

rises [16].  

Age alone is a poor proxy for reading proficiency in this cohort. Schools should (1) flag over-age 

learners for closer diagnostic review, (2) deliver targeted decoding and language-comprehension supports based 

on Phil-IRI profiles rather than age, and (3) monitor movement across Phil-IRI decision levels during the year 

[6]. When analyzing future cohorts, consider collapsing sparse age bands or using an over-age indicator (e.g., ≥2 

years over typical grade age) to improve interpretability and power [4].  
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The sex comparison was significant (Mann–Whitney U = 5,999.4, p < .001), indicating higher Phil-IRI 

scores among females. Descriptively, females (n = 101) had an Mdn of 26.0 and a MR around 110, while males 

(n = 99) had an Mdn of 19.0 and a MR around 90. The separation in both Mdn and MR shows that girls are not 

only higher at the center but are consistently distributed toward the top of the overall ranking (see also [4], on a 

35-point female advantage in reading in PISA 2022 for the Philippines).  

The result aligns with the broader literature and is interpretable within our theoretical frame. Under 

SVR, subgroup gaps can reflect imbalances in component skills; combined with expectancy–value, girls’ 

generally higher reading enjoyment and task value translate into more practice and persistence, reinforcing 

advantages in vocabulary, fluency, and comprehension [12], [13], [16]. In short, the female advantage observed 

here is both statistically reliable and theoretically coherent.  

Maintain practices that are working for girls while closing the gap for boys. Priorities include (1) boy-

responsive engagement—high-interest, choice-rich texts; short goal-cycles with visible progress; structured 

accountability for reading—an approach consistent with classroom evidence on gamified/engagement-focused 

designs [30], (2) explicit fluency and vocabulary routines (repeated reading, morphology/word-study) integrated 

into content classes [3932], and (3) tight progress monitoring using Phil-IRI levels to verify movement from 

frustration/instructional to independent [6]. Teachers can review sex-disaggregated Phil-IRI data in PLCs and 

adjust materials, pacing, and feedback loops accordingly; structured, problem-based tasks have also shown 

positive effects on secondary achievement, supporting systematic practice [29].  

Across Grades 7–10, the omnibus test was not significant (Kruskal–Wallis: H = 2.30, df = 3, p = .513). 

Mdn were close and non-monotonic—Grade 8 had the highest center (24.5; MR = 111.1), Grades 7 and 9 were 

similar (22.5 and 23.5; MR = 96.2), and Grade 10 was slightly lower (21.5; 98.5). Thus, simple promotion by 

year level does not guarantee higher Phil-IRI performance. Within SVR, this is expected when classrooms 

contain varied mixtures of “poor decoder” and “poor comprehender” profiles; grade averages can mask sizable 

within-grade needs [12], [13]. Differences in exposure, curriculum implementation, teacher practices, or 

absenteeism can also offset the effect of an additional year of schooling, yielding the observed flat profile [16], 

[4033].  

Plan supports within grades, not for grades as a whole. Practical steps are to (1) allocate tiered 

interventions (independent/instructional/frustration) inside each grade, (2) use common grade-level assessments 

and shared interventions so teachers can compare like with like, and (3) set within-grade improvement targets 

(e.g., reduce the proportion at frustration by X% each quarter) verified by Phil-IRI post-checks [6]. Where Grade 

8 appears relatively stronger, examine practices that can be transferred to Grades 7, 9, and 10.  

In this cohort, sex is the only demographic variable with a statistically reliable association with Phil-IRI 

scores; age and grade level are not. Instructional decisions should therefore prioritize sex-responsive engagement 

and within-grade, profile-based remediation, using Phil-IRI’s decision levels to monitor whether students move 

toward independence over the school year [6]. 

 

 

4. CONCLUSION 

Aligned with the study objectives, three points stand out. First, the cohort composition was suitable for 

subgroup analysis: sex was nearly balanced, grade levels were evenly represented, and ages clustered in early to 

mid-adolescence, with a small older subgroup that reduces power for age contrasts. Second, the descriptive 

profile suggested a female advantage in reading, modest and non-monotonic differences across grades, and lower 

centers among the oldest age band. Third, inferential tests confirmed a reliable difference by sex, favoring 

females, while finding no evidence of differences by age or by grade level. Overall, Phil-IRI outcomes in this 

school vary more within grades than between grades, and demographic markers other than sex explain little of 

the observed variation. 

Given the study’s patterns, schools may organize support within grades rather than by grade level, using 

Phil-IRI decision levels to group learners and align instruction with identified needs, with termly reviews to 

verify movement toward independence. Because sex was the only demographic factor associated with Phil-IRI 

performance, classrooms may introduce modest, boy-responsive engagement routines that increase time on task 

and make progress visible while maintaining practices that already benefit girls. As age and grade showed no 

significant differences, resources may be allocated without presuming year-level effects; however, teachers may 

monitor the small older subgroup that appeared weaker in the descriptives and provide case-by-case assistance as 

indicated. These adjustments may be tracked through sex-disaggregated summaries and integrated into regular 

school planning. 
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